Estimation of Viewpoints of Sentences in an Abstract of Scientific Article
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Fig. 1. Snapshot of Manual Sentence Classification
4.
SVM
1,672
Prec,Rec,F ,Acc
300
F
Prec Rec F Acc
234 | 02203 | 0.7838 | 0.3416 | 0.6158
194 | 0.1930 | 0.8657 | 0.3151 | 0.5974
37 0.0456 | 0.7862 | 0.0858 | 0.6559
2221 0.1451 | 0.6125| 0.2345 | 0.5076
532 0.3798 | 0.7651 | 0.5074 | 0.5625
168 | 0.1695 | 0.9177 | 0.2856 | 0.5765
12 | 0.0306 | 0.3190 | 0.0537 | 0.5312

Table 1. Viewpoints Estimation Performance with

respect to all words
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Table . Top words of SVM score

SVM N

Prec Rec F Acc

80 | 0.3775 | 0.8717 | 0.5253 | 0.7979

200 | 0.2485 | 0.9469 | 0.3929 | 0.6847

30| 0.0447 | 0.9800 | 0.0846 | 0.5163

100 | 0.2648 | 0.9692 | 0.4157 | 0.6652

100 | 0.5582 | 0.8091 | 0.6595 | 0.7539

70 | 0.1859 | 0.9838 | 0.3125 | 0.6019

800 | 0.0615 | 0.3190 | 0.0956 | 0.5637

3

Table 3. Viewpoints Estimation Performance with

respect to Optimal Feature Selection
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Fig. 2. F-measure with respect to the number

of selected Features (Background)
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